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https://www.microsoft.com/en-us/microsoft-365/blog/2019/02/28/new-to-microsoft-365-in-february-advance-security-and-empower-a-modern-workplace
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Image source : https://powerbi.microsoft.com/en-us/guided-learning/powerbi-learning-0-1-intro-using-power-bi/
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Questions to get you
started

To populate questicns for
YOUS USETS, Type &
question and click Add.

Save and close

Cancel
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OTop producis by sales revenug

Ask a related question Clas

Sharwing top 10 procct by sctusl revenu

sales revenue (Dpportunity > Acusl Revenue)

actual revenue oumal (Opportunity » Actusl Revenue [Cumolatse])
actual revenue MTD (Opportunity > Actual Revenue MTTH
actual revenue OTD [Dpponunty = Actusl Revenoe G100
actual revenue YTO {Opponunity » Actusl Reveroe YTDH
average actual deal size (Opportunity = Aversge Actiusl Desl Size)
aversge estimated deal size [Dpportunity > fversge Extimated Deal Size)
estimated revenue [Opportunity > Estimated Reverise)

estimated revenue cEmul [Oppomuniy » Estimated Rewenis (Cumilatve])
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| What influences Rating to be

When...

I Rale in Org is consumer

Theme is usability

Theme is security

Subscription Type is Premier

Company Size is < 5000

Country-Regicn is France

Theme is navigation

Key influencers Top segments

Low w7

...the likelihood of Rating

being Low increases by 4 Rating is more likely to be Low when Rele in Org is

consumer than otherwise (on average).
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Role in Org

[ only show values that are influencers

Key influencers

Quick Insights
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Ha tudok R-ben vagy Python-ban programozni, azt Power Bl fel
tudom hasznalni?
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Mi varhato Al fronton Power Bl-ban?

HOTEL REVIEWS

New to machine learning models? Here's what you'll be doing:

1. Create and train your model 2. Improve it 3. Apply it
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Azure Cognitiv Services — Képi és szoveg elemzeések S S ST S S -

it

We'll help you pick the Select your base data The model will train or Evaluate, customize and Apply your model 1o
best model to achieve and related inputs to your data and report on retrain your mode! until future data for
your business goals train your model its performance it's optamaed predictive insights
Get started

Invoke function

AutoML - Automated Machine Learning

e AzureMLHotellmageClassifier
“ Azure Machene Learning Models [3)
Ix AzureMLSCalarautomicdsopportumty

fr AzureMLHotelimageClassifier R —————
Jx AzureMILOpportunitySconng ~

CognitiveServices (4

Azure ML integracio



Power Bl és Azure Machine Learning megoldasok
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Custom LOB
Datasets
Azure Data AZure Azure SOL
Factor Databricks
Dataflows ! Dw Azure ML
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For data visualization For data For data For querying For building def?k?l :
and preparation Ingestion preparation curated data and training Al resmréfs
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COM falder oo DM folder CDM folder e e berersrsrsrsrememeses et COM folder

Azure Data Lake Storage Gen 2

Data scientists
Data engineers

Low/no code Medium to high code



Data Science Virtual Machines

Cognitive Services

Gépi tanulas a Microsoft felhében

Azure Databricks
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Cognitive Services
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{
“"color": "other",
“confidence”: ©.13
, }
. / _ = ]
GENDER female 2 }s
AGE D 15 - ! ";miie": 1.e,
‘ - - 5 Pose":
| GLASSES ReadingGlasses _ fgitg;ﬁ: efe,
EMOTION Happiness — "roll"”: -16.9,
, - "yaw": 16.7
5
"gender": "female",
"age": 24.0,

"facialHair": {
"moustache": ©.0,
"beard": 6.9,
"sideburns": 9.0

}J
"glasses”: "ReadingGlasses”,
"makeup”: {
"eyeMakeup"”: true,
"lipMakeup": true
Ts
"emotion": {

"anger": 0.0,
"contempt"”: 0.0,

https://azure.microsoft.com/en-us/services/cognitive-services/face/#detection
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